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ABSTRACT

We present a novel approach to knowledge-based automated one-
shot multi-issue bilateral negotiation handling, in a homogeneous
setting, both numerical features and non-numerical ones. To this
aim we introduce P (), a propositional logic extended with con-
crete domains, which allows to: model relations among issues (both
numerical and not numerical ones) via logical entailment, differ-
ently from well-known approaches that describe issues as uncorre-
lated; represent buyer’s request, seller’s supply and their respective
preferences as formulas endowed with a formal semantics.
Categories and Subject Descriptors: 1.2.4 [Knowledge Repre-
sentation Formalisms and Methods]

General Terms: Languages, Theory.

Keywords: negotiation, logic, propositional weighted formulas.

1. INTRODUCTION

In this work we focus on automated negotiation in e-marketplaces
where it is not sufficient to deal with undifferentiated products (com-
modities as oil, cement, etc.) or stocks, taking into account only
price, time or quantity but also other features have to be consid-
ered during the negotiation process, as warranty or delivery time,
as well as — in a car marketplace — look, model, comfort and so
on. To the best of our knowledge, also in recent literature, is-
sues are usually described as uncorrelated terms, without consider-
ing any underlying semantics. In our approach we use knowledge
representation in two ways: (1) exploiting an ontology to repre-
sent relations among issues and (2) assigning utilities to formu-
las to represent agents having preferences over different bundles
of issues. Since issues are often inter-dependent, agents can ex-
press conditional preferences as “if I spend more than 20000 € for
a sedan then I want a navigator pack included” where both nu-
merical (price) and non-numerical (sedan, navigator pack) issues
coexist and where the meaning of navigator pack is in the ontol-
ogy (NavigatorPack < SatelliteAlarmAGPS_system)
Contributions of this paper include: the framework for automated
multi-issue bilateral negotiation; an extended propositional logic,
P(N) enriched with concrete domains, which is able to handle
both numerical features and not numerical ones as correlated is-
sues w.r.t. an ontology, and the one-shot protocol we adopt, which
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allows to compute Pareto-efficient agreements, exploiting a media-
tor that solves a multi objective optimization problem.

2. REPRESENTATION OF ISSUES

We divide issues involved in a negotiation in two categories.
Some issues may express properties that are true or false, like, e.g.,
in an automotive domain, ItalianMaker, or AlarmSystem.
We represent them as propositional atoms A;, Az, . .. from a finite
set A. Other issues involve numerical features like deliverytime,
or price represented as variables f1, fa, ..., each one taking val-
ues in its specific domain Dy, , Dy, , . .., such as [0, 90] (days) for
deliverytime, or [1,000,20,000] (euros), for price. The
variables representing numerical features are always constrained
by comparing them to some constant, like price < 20,000, or
deliverytime > 30, and such constraints can be combined
into complex propositional requirements — also involving propo-
sitional issues — e.g., ITtalianMaker A (price < 25,000) A
(year_warr > 3) (representing a car made in Italy, costing no
more than 25,000 euros, with a warranty greater or equal than 3
years), or AlarmSystem= (deliverytime > 30) (express-
ing the seller’s requirement “if you want an alarm system mounted
you’ll have to wait more than one month”). We define:

DEFINITION 1  (CONCRETE DOMAINS, [1]). A concrete do-
main D consists of a finite set Ac(D) of numerical values, and a
set of predicates C(D) expressing numerical constraints on D.

For our numerical features, predicates will always be the binary
operators C(D) = {>,<,>,<,=,#}, whose second argument
is a constant in A.(D). Now we can formally extend propositional
logic in order to handle numerical features. We call this language
PWN).

DEFINITION 2 (THE LANGUAGE P(N)). Let A be a set of
propositional atoms, and F a set of pairs (f, Dy) each made of a

feature name and an associated concrete domain Dy, and let k be

avalue in Dy. Then the following formulas are in P(N):

1. every atom A € A is a formula in P(N)

2. if {(f,Ds) € F, k € Dy, and c € {>,<,>,<,=,#} then
(fck) is a formula in P(N)

3. if v and @ are formulas in P(N) then =, 1 Ao are formulas in
P(N). We also use YV ¢ as an abbreviation for (= A=), ¥ =
@ as an abbreviation for —) V @, and ¢ < ¢ as an abbreviation

Jorp =@ ANp =1

In order to define a formal semantics of P(N\) formulas, we con-
sider interpretation functions Z that map propositional atoms into
{true, false}, feature names into values in their domain, and assign
propositional values to numerical constraints and composite formu-
las according to the intended semantics.

DEFINITION 3 (INTERPRETATION AND MODELS). An inter-
pretation T for P(N) is a function (denoted as a superscript Z on
its argument) that maps each atom in A into a truth value AT €



{true, false}, each feature name f into a value f* € Dy, and as-
signs truth values to formulas as follows:

o (fck)t = true iff fXck is true in Dy, (fck)T = false otherwise
o (1))t = true iffp* = false, (v Ap)T = true iff both h* = true
and ¢* = true, etc., according to truth tables for propositional
connectives.

Given a formula o in P(N'), we denote with I \= ¢ the fact that I
assigns true to . If T |= ¢ we say T is a model for ¢, and I is a
model for a set of formulas when it is a model for each formula.

Clearly, an interpretation Z is completely defined by the values it
assigns to propositional atoms and numerical features. Given a
set of formulas 7 in P(N) (representing an ontology), we denote
model for T as T |= 7. An ontology is satisfiable if it has a model.
T logically implies a formula ¢, denoted by 7 |= ¢ iff ¢ is true in
all models of 7. We denote with M1 = {Z1,...,Z,}, the set of
all models for 7', and omit the subscript when no confusion arises.
The following remarks are in order for the concrete domains of
our e-marketplace-oriented scenarios:
1. domains are discrete, with a uniform discretization step e.
2. domains are finite; we denote with max{ D} and min{ Dy} the
maximum and minimum values of each domain Dy.
3. even for the same feature name, concrete domains are market-
place dependent. Let us consider price in two different market-
place scenarios: pizzas and cars. For the former one, the discretiza-
tion step e is the €-cent, for the latter it can be fixed to e.g., 100 €.
DEFINITION 4 (SUCCESSOR/PREDECESSOR). Given two con-
tiguous elements k; and ki1 in a concrete domain D we denote:
o s(+) the successor function: s(k;) = kiv1 = ki +¢€
® p(+) the predecessor function: p(kit1) = ki = ki1 — €

3. MULTI ISSUE BILATERAL NEGOTIA-
TION IN P(v)

Following [5], we use logic formulas in P(A) to model the
buyer’s demand and the seller’s supply. Relations among issues,
both propositional and numerical, are represented by a set 7 — for
Theory — of P(N) formulas. In a typical bilateral negotiation sce-
nario, the issues within both the buyer’s request and the seller’s
offer can be split into strict requirements and preferences. In our
framework we call strict requirements demand/supply.

DEFINITION 5 (DEMAND, SUPPLY, AGREEMENT). Given an
ontology T represented as a set of formulas in P(N') representing
the knowledge on a marketplace domain
e a buyer’s demand is a formula 3 (for Buyer) in P(N') such that

T U{B} is satisfiable.

o a seller’s supply is a formula o (for Seller) in P(N') such that

T U{o} is satisfiable.

o T is a possible deal between 3 and o iff T |= T U {o, 3}, that
is, T is a model for T, o, and 3. We also call T an agreement.

If seller and buyer have set strict attributes that are in conflict with
each other, that is MTU{(,, gy = (), the negotiation ends imme-
diately because, it is impossible to reach an agreement. Now we
define the utility function based on agents’ preferences.
DEFINITION 6  (PREFERENCES). The buyer’s negotiation pref-
erences B = {f1,...,0k} are a set of formulas in P(N'), each of
them representing the subject of a buyer’s preference, and a utility
function ug : B — R assigning a utility to each formula, such
that 3, ug(B:) = 1.
Analogously, the seller’s negotiation preferences S = {o1,...,0n}
are a set of formulas in P(N), each of them representing the sub-
Jject of a buyer’s preference, and a utility function v, : S — RT
assigning a utility to each formula, such that Z]. ue(oj) = 1.
As usual, both agents’ utilities are normalized to 1 to eliminate out-
liers, and make them comparable. Since we assumed that utilities
are additive, the preference utility is just a sum of the utilities of
preferences satisfied in the agreement.

DEFINITION 7 (PREFERENCE UTILITIES). Let B and S be
respectively the buyer’s and seller’s preferences, and M1 (q,3)
be their agreements set. The preference utility of an agreement
I € M1u{a,py for a buyer is defined as:

Y{us(8:) | T = Bi}

where 3{. ..} stands for the sum of all elements in the set. In an
analogous way u, pnr) (Z) is defined for o.

ugp)(Z) =

Note that while considering numerical features, it is still possi-
ble to express strict requirements as reservation value [6]. Both
buyer and seller have their own reservation values on each fea-
ture involved in the negotiation process. Referring to price and the
two corresponding reservation values 73 price and 7g price for the
buyer and the seller respectively, if the buyer expresses price <
rgprice and the seller price > 7o price, IN CASE Toprice <

78,price We have [F'o price, 78,price] as a Zone Of Possible Agreement

— ZOPA(price), otherwise no agreement is possible [6]. More
formally, given an agreement Z and a feature f, fZ € ZOPA(f)
must hold. Obviously, the reservation value is considered as pri-
vate information and will not be revealed to the other party, but will
be taken into account by the mediator when the agreement will be
computed. In order to formally define a Multi-issue Bilateral Ne-
gotiation problem in P(N), the only other elements we still need
to introduce are the disagreement thresholds, also called disagree-
ment payoffs, {3, t,. They are the minimum utility that each agent
requires to pursue a deal.

DEFINITION 8 (MBN-P(N)). Given a P(N) set of axioms
T, a demand (3 and a set of buyer’s preferences I3 with utility func-
tion ug pn) and a disagreement threshold tg, a supply o and
a set of seller’s preferences S with utility function u, p(ny and
a disagreement threshold t,, a Multi-issue Bilateral Negotiation
problem (MBN) is finding a model T (agreement) such that all the
following conditions hold: (a) I |= T U{o, B}; (b) ug,pn)(Z) >
tﬂ; (C) Ug, P(N) (I) > to.

Observe that not every agreement Z is a solution of an MBN, if
either us (Z) < to or ug(Z) < tg. Also notice that, since reserva-
tion values on numerical features are modeled in 3 and o as strict
requirements, for each feature f, the condition fZ € ZOPA(f)
always holds by condition (a).

4. UTILITIES FOR NUMERICAL FEATURES

For each feature two utility functions are needed; one for the
buyer — ug, r, the other for the seller — u, ¢, these functions have
to satisfy at least the basic properties enumerated below. For the
sake of conciseness, we write uy when the same property holds
both for ug, y and us,s. :

e Since uy is a utility function, it is normalized to [0. . ., 1]. Given
the pair {f, Dy), it must be defined over the domain Dy.

e We note the buyer is happier as the price decreases whilst the
seller is sadder. Hence, u ¢ has to be monotonic and whenever ug, ¢
increases then u,, s decreases and vice versa.

e There is no utility for the buyer (seller) if the agreed value on
price is greater (less) or equal than its reservation value. Since
concrete domains are finite, for the buyer the best possible price
is min{ Dpyice } whilst for the seller is max{Dprice }-

DEFINITION 9 (FEATURE UTILITIES). Let (f, D) be a pair
made of a feature name f and a concrete domain Dy and r¢ be a
reservation value for f. A feature utility function vy : Dy —
[0...,1] is a monotonic function such that
— if uy monotonically increases then

{ ug(v) =0,v € [min{Dy}, 7]
us(max{Ds}) =1



— if wy monotonically decreases then

{ uf(v).: 0,v € [ry, max{Dy}]
up(min{Dy}) =1

Given a buyer and a seller, if ug,y increases then u,,; decreases
and vice versa.

5. COMPUTING A PARETO AGREEMENT
IN P(W)

Obviously among all possible agreements that we can compute
given a theory 7, we are interested in agreements that are Pareto-
efficient. We now outline how an actual solution can be found solv-
ing a multi objective optimization problem.

First of all, let { By, ...,Bk, S1,...,5,} be k + h new proposi-
tional atoms, andlet 7/ =7 U{B; & Bili=1,...,k}U{S; &
ojlj =1,...,h} —thatis, every preference in BU S is equivalent
to a new atom in 7.

Here we define functions to be maximized to find a solution
to a multi objective optimization problem. In order to formulate
functions to be maximized involving preferences expressed as for-
mulas in P(N), let {b1,...,bx} the (0,1)-variables one-one with
{Bi,...,Bx} and similarly {s1,...,sp} for {Si,...,S,}. The
function representing buyer’s utility over preferences can hence be
defined as:

k
uspny = Y biug(Bi)
=1

Similarly for the seller we define u, p(ary. As highlighted in Sec-
tion 4, also utilities over numerical features have to be taken into
account while finding the best solution for both the buyer and the
seller. Hence, for each feature f involved in the negotiation process
we have a feature utility function for the buyer ug, ; and one for
the seller uo, s. For instance, if we consider price we likely will
have:

| v-max{Dui}

uﬁ,price('U) = { 0 r6<nrlc5_max{Dprlce}

{ 1— v—min{Dprice}

Uoprice(v) = . Toprice—min{Dorioo)

Given the objective functions to be optimized, in order to com-
pute a Pareto agreement we reduce to a multi objective optimiza-
tion problem (MOP). Here the functions to be optimized are utility
functions both of the buyer and of the seller. Usually, in a MOP we
have a set of constrained numerical variables and a set of functions
to be maximized/minimized. In our setting, we have three different
kind of constraints: the ontology 7', strict requirements (3,0, utility
thresholds ¢3,t,. We represent all of them as linear constraints.

Obtain a set of clauses 7" s.t. each clause contains only one
single numerical constraint and 7" is satisfiable iff 7’ U {o, 3}
does. In order to have such clauses, if after using standard transfor-
mations in clausal form [3] you find a clause with two numerical
constraints x : AV ... (ficiki) V (f;c;k;) pick up a new proposi-
tional atom A and replace x with the set of two clauses.

{ Xl:ZjAv--~v(f¢c¢ki), }
X2 : AV AV -V (ficik;)

As a final step, for each clause, replace —(f < k) with (f > s(k))
and ~(f > k) with (f < p(k)). Use a modified version of well-
known encoding of clauses into linear inequalities (e.g., [4, p.314])
so that every solution of the inequalities identifies a model of 7.
If we identify true with values in [1 ... oo[ and false with values in
[0...1] each clause can be rewritten in a corresponding inequality.
e map each propositional atom A occurring in a clause x with a

(0,1)-variable a. If A occurs negated in x then substitute = A with
(1 — a), otherwise substitute A with a.
e replace (f < k) with W(max{Df} —f)and (f > k)
with 1 f.
6. THE BARGAINING PROCESS

Summing up, the negotiation process covers the following steps:
Preliminary Phase.The buyer defines strict 3 and preferences B
with corresponding utilities ug(8;), as well as the threshold ts,
and similarly the seller o, S, us(0;) and t,. Both agents inform
the mediator about these specifications and the 7 they refer to.
Negotiation-Core phase. For each 3; € BB the mediator picks up
a new propositional atom B; and adds the axiom By < [ to 7,
similarly for S. Then, it transforms all the constraints modeled in
(3, o and (just extended) 7 in the corresponding linear inequalities
following the procedures illustrated in Section 5. Given the prefer-
ence utility functions ug p(ar) and u,, p a7y, the mediator adds to
this set of constraints the ones involving disagreement thresholds
ug pn) = tg and u, pny > to. With respect to the above set
of constraints, the mediator solves a MOP maximizing the pref-
erence utility functions ug p(ar), Us,p(ny and for each feature f
involved in the negotiation process also the feature utility functions
ug, f and u,, r. The solution returned as solution to the MOP is the
agreement proposed to the buyer and the seller. Notice that a solu-
tion to a MOP is always Pareto optimal [2]. The participants can
then either accept or reject the proposed agreement, in a classical
one-shot fashion.

Let us present a tiny example in order to better clarify the ap-
proach. Given the toy ontology in P(N),

{ ExternalColorBlack = —ExternalColorGray
T =

SatelliteAlarm = AlarmSystem
NavigatorPack < SatelliteAlarm A GPS_system

the buyer and the seller specify their strict requirements and pref-
erences:

B=sedanA(price < 30,000)A(km_warr > 120,000) A (year-warr > 4)
[B1=GPS_system A AlarmSystem

B2=ExternalColorBlack = Leather_seats

Bs= (km_warr > 140,000)

up(B1) =05, up(B2)=02, up(Bs)=03,t5=02

o =SedanA(price > 20,000)A(kmwarr < 160,000)A(year-warr < 6)
o1=GPS_system = (price > 28,000)

oo= (kmwarr < 150,000) V (year_warr < 5)
o3=ExternalColorGray

o4=NavigatorPack

U (01)]1=0.2, Uy (02)=04, ux (03)=0.2, uy (04)=0.2, t;=0.2

Then the final agreement is:

T : {sedan’ =true,ExternalColorGray” = true,
SatelliteAlarm” = true, GPS_system? = true,
NavigatorPack” = true,AlarmSystem” = true,
price’ = 28000, k% = 160,000, year warr- = 5}

Here, for the sake of conciseness, we omit propositional atoms in-
terpreted as false.
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